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2- Backpropagation with declining learning-rate factor
3 - Basic backpropagation
4 - Total sum-squared error
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Fig. 1. Configuration of the MLP with one hidden layer.
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2 - Codebook (Voronoi) vector



WA 95 Jlunous Vo ylas Vol «(653LisS bocsmirle 4y ol VA

ABM_C .J.M)l: ul).m> 9 Lghu_nl; ual.a.;.a L,u..sbln J.J.) L (oas
a3l i b MLP iac oS (60500 loj o) g0
sl )G ola s Jilas ¢ iSTas Cuip a1y 0e LVQ uac
65N 6500 o MLP g LVQ Leae (slaSiis )3 150,65]
..)9{)])&3 Veoo B)l)i) Ve c).).bg.élﬁu»ufl){

‘51)_3 04D ui';)'yy] mas slaass &S50 5! Ol;.,,o.lol ‘51)4
slaodly g Bly claodly sy 5o cale (3iSTy (oo o i
53 N0 dalio pa L gyl s 5l aSis bawg odd i
92 > olel @35 5 pl)ly xSbe Solud 1 jho 4y Lt
O dop W Jlasl maw jd 45,8 o0l adYs oy (g
ey xSlen dulio (£l a4 48 gl p el S8
A 03t sl g el 8,55 aJoS g F b yg05l 5l (g)lo] wiis g
Ol Y sds 53 (s dab )50 2 (gl 0l duslre P polds
=% 9 u‘“'L.’.)‘ﬁ sujaLm as S oo i guls Ll 0L 031>
S 4y gy il 3590 0 )3 0kd (b 9 sl polho o)lol
oL MLP ae aSi ¢lp (o)lol claglio guls Jg (p>/Y
5 (1o pm o pd A Jloin] adaws 53 4l dxe OS] 2424
s ol b o(pP<ele N )oyls ilojl g (bjgel alose 93 )3 il
sas 4Sud g odd (i e 9 (HSly polie )bl @ o
0yl 0529 4o W0 Jlais! o 3 ()l aize B3| MLP
B (b LVQ eoiias e &S pl by (p>+/-V)
L dmglio )3 a5l o cile (281 (6580 (dnptn l (VL
6_9)9.’ d)9—0 ) p:\/"' S99 .J_MLL;O MLPLSA-AQS ‘Lia.u) J_\A
2 sy e (ST (Bly polie 5 0ad (S G plie o o)l
9 YU by 5l olis S Liolosl 5B 40 opg0 as 50 prlaw
o (15 e b L il o515 5 5] a0 o
LSl e

w
X
i Wwin
Y

G o i (61 b 23wl LVQ &S jUa L Y JSS
W ooaud (5,15 0 diges bl Wlaiseo (X,Y) .5, il 3924
28w 00 3 A5 13 53 o 33 Wiin 9 05 (6413 1 (s o

Fig. 2. Configuration of the LVQ for prediction of weed

spatial existence. (X, Y): coordinate of sampled points, W:
code vectors matrix. W,,;,: label of winner code vector.
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Table 1. Recognition error of LVQ and MLP neural network in training and test phases.
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WD, and WD,: weed density in class 1 and 2, respectively.
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Table 2. Statistical comparisions between the observed and estimated weed density by MLP and LVQ neural networks.

Network goals for Network

Statistical values
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Fig. 3. Acroptilon repense distribution maps in actual (a, d and g) and classified conditions by LVQNN (b, e and h) and by

MLPNN (¢, fand i). The maps of a, b, c and d, e, f and g, h, i have been drawn according to economic threshold of 0, 2 and 4
plants/m” respectively.
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